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  I
n the summer of 2004, I decided to join my fi rst politi-

cal campaign. Though it was relatively late in the cycle, 

I found an organization which was mobilizing students 

on college campuses, so I packed up my car and headed 

for Cleveland. By day I registered voters and recruited 

student organizers, at night I crashed on a friend’s couch, and 

in between I delivered pizza so that I would have gas money to 

get home afterward. I did little else but work for the time I was 

there, and once the voter registration deadline had passed, 

I left to spend most of October on Get-Out-The-Vote programs 

in New Hampshire and Pennsylvania. 

 That election taught me two things. First, I had the political 

bug, and wanted to find a way to keep doing it. And second, 

I never, ever wanted to carry a clipboard again. As someone 

who has never been mistaken for an extrovert, starting con-

versations with strangers in public or at their doors was 

painfully difficult. I had an idea of the job I really wanted, 

something in which I could combine my science, math, and 

computing skills to win campaigns. But I did not know what 

that job was at the time—in hindsight, because it did not 

really exist yet—so I decided to go to grad school instead. 

I sent in my applications in the fall of 2005, and started at 

NYU the following September. 

 Over the next five years, I warmed to academic life, and 

went on the poli-sci job market in 2011. It did not go as 

planned. By January I found myself in the second semester of 

a one-year post-doc, in a city I had no other reason to be in, and 

decided to look at getting into campaigns again. I received a 

job off er from a prominent polling fi rm, and was tempted to 

go to DC and take my place among the  Politico -reading class, 

but instead I joined a political analytics start-up founded 

by two political scientists in California. Their fi rm had just 

landed a major client for 2012, a coalition of labor unions 

fi ghting an anti-union ballot measure, and I was brought on 

as the fi rm’s fi rst hire. 

 Having a diverse methods background proved quite val-

uable in that year’s campaign. I wrote and analyzed surveys, 

designed message-testing experiments, guided the campaign 

in the use of microtargeting models, and assessed the impact 

of voter outreach programs. Though there was certainly 

plenty to learn along the way, I had focused my academic 

studies on areas that were directly relevant to this work—

survey research, voter behavior, campaign strategy, and 

every methodological approach my program offered—and 

that training provided a great starting point for using data 

in a real political campaign. 

 As often happens in a start-up, I chose my own title for 

that first position: “Strategic Model Developer.” After the 

election, I took on a bigger role and became “Director of 

Research and Business Development,” but neither of those 

titles quite fi t what I actually did day-to-day. A more fi tting 

title for this role was “Data Scientist,” but I still was not really 

sure I was one of those until my next employer (an opinion 

research and strategy fi rm) printed it on my business cards. 

By the time the Democratic National Committee asked me to 

lead its data science team a year later, I had fi nally come to 

really understand what it meant to be a data scientist, in all 

the ambiguity that term entails. 

 Though the role of data scientist has only been around a 

few years, it is really more of a catch-all term for anyone who 

does complex things with large amounts of data to solve real-

world problems. Many of the jobs that now fall under the 

heading of data scientist are not themselves new. Five years 

ago, some data scientists were programmers, some were data 

analysts, and others had more specialized titles. But the dis-

tinguishing characteristic of a data scientist comes from not 

being confi ned to a single position. Instead, a data scientist 

often bridges fields and brings a wide range of skills when 

tackling a problem, so a more specific title would be too 

narrow. 

  What does it mean to be a data scientist in politics? There 

is no single answer, but there are some common themes across 

roles. A classic defi nition of a data scientist (which, in a fi eld 

this new, means a defi nition that has been around since 2012) 

is someone who is better at statistics than any software engi-

neer, and better at software engineering than any statistician.  1   

But there is also a third cornerstone to the qualifi cations of a 

data scientist—substantive knowledge—and in politics that is 

a subject one can easily spend their whole career on. 

 In the broadest sense, the role of a political data scien-

tist is to make the work of our campaigns and organizations 

more efficient and effective. To make things more efficient, 

we typically employ some form of targeting: choosing the 

most persuadable voters to contact, fi nding the best TV chan-

nels to run ads on, or identifying the best potential donors to 

send fundraising mail, for example. And to make things more 

effective, we use testing and analysis to determine which 

messages, tactics, or strategies will have the greatest impact. 

An important corollary to all this, though, is that we do not 

ever accomplish anything directly: data scientists are not the 

ones reaching out to potential voters, creating ad messages, 

or collecting donations. So to be successful in our own work, 

we need to understand the work that others around us are 

doing, and fi nd ways to contribute to  their  success. After all, 

the most ingenuous model ever made would be worthless if 

nobody knew how to use its predictions. 
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 In more specific terms, the methodologies we employ 

include predictive modeling, survey and field experiments, 

public opinion research, and observational analysis. Less glam-

orous but equally important, though, is the more fundamental 

work of collecting, organizing, and transforming large amounts 

of messy data. Part of this skillset involves the use of data-

base systems and data processing tools (most notably SQL, 

Hadoop, and more recently Spark) to work with datasets that 

are far too large and complex for Stata or R.  2   But there is also a 

philosophical element to this work. Opportunities to practice 

ideal research design are incredibly rare, so making the most 

of whatever data you have available is key to being productive, 

and the best data scientists are those who are comfortable 

making compromises while consciously working to mitigate 

their downsides. 

 This is one aspect in which political data science differs 

greatly from academic political science: the relative weight-

ing of pragmatism and perfectionism. And it is one that can 

often hinder academics who make the leap to politics, as it 

requires a retraining of the instincts learned through many 

years of graduate school. The things most of us work on every 

day involve a degree of compromise that would get us thrown 

out of an academic job talk, because the obsessive approach 

required to prepare for that event would never work in this 

context. We do not have the luxury of choosing to work on 

problems that have clean solutions, or the time to spend years 

refining our answers—in this field, a dissertation is a great 

example of what  not  to do. Instead, our mission is to find 

the best solution to a problem given the time and resources 

available. The value of our expertise is often in knowing the 

limitations of what we can do, then coming as close to that 

line as possible. 

 I have always enjoyed working on messy problems more 

than clean ones, and perhaps that is why I am a better data 

scientist than I was an academic. But my transformation from 

job market leftover to lead data scientist for a national polit-

ical party was surprisingly fast, which speaks to the unique 

characteristics of this field. For one, the political workforce 

turns over at a much faster rate than almost any other, so it 

is possible to advance quickly with the right mix of hard work 

and good luck. And my timing was ideal: the kind of work I 

do was almost unheard of in 2008, but by 2012 it had become 

common to many campaigns (on our side, at least), and in 2016 

its domain will expand even further. This is in part a func-

tion of knowledge and cultural development, but it is also 

a function of technological capacity, as our ability to work 

with data goes hand in hand with our ability to learn from it. 

With this growth in the scope and scale of political data 

science, there was an ever-growing need for people with the 

sort of skills that I had gained in my political science training. 

Most people who work in political data have an undergrad’s 

level of stats knowledge at best, while their more technical 

skills have been learned mainly on the job. By contrast, hav-

ing spent the better part of a decade studying these topics at 

a deeper level, I was able to start at a high level and advance 

quickly from there. To be sure, I did not know everything 

I needed to know when I started—far from it! But I did have 

a solid base of technical skills to start from, and enough 

knowledge of both research and politics to build on going 

forward. 

  While the field of political data science has grown and 

matured over the past few years—and I am sure there will be 

much tougher competition for my job by the time I move on—

there will still be opportunities for technically-skilled political 

scientists for many years to come. Every election cycle brings 

in a new crop of talent, who often come with greater techni-

cal ability than the people hiring them. There will always be a 

need for those who can bridge the substantive and technical 

sides of politics, and among that set of individuals, quan-

titatively-trained political scientists are well-positioned to 

continue driving the campaign industry forward. Field and 

survey experiments, for instance, are becoming a standard part 

of many campaigns’ messaging, voter contact, and fundraising 

strategies, and a political scientist’s training could help to not 

only design those tests but also to determine what should be 

tested in the fi rst place. 

 For students thinking of working in “applied politics,” 

the choices you make now—which classes to take, which 

methods to learn, which research areas to focus on—can 

have a big impact on both your immediate value and your 

long-term potential as a data scientist. From a substantive 

standpoint, a background in electoral politics and public 

opinion are essential. But just as important is a wide-ranging 

methodological training, particularly in statistical modeling, 

experimental research, and survey methods. Students would 

also be well-advised to look outside of the traditional polit-

ical science curriculum to build up their computing and 

research skills:

   

      •      Conferences and meetings which bring together aca-

demics and practitioners, such as those hosted by the 

American Association for Public Opinion Research and 

its regional chapters, are a great opportunity to learn more 

about what applied research looks like in practice.  

     •      For those in departments with limited methodologi-

cal offerings, there are plenty of opportunities to learn 

through books and blog tutorials, free online courses 

from sites like Coursera and Udacity, and industry con-

ferences like PyData and Spark Summit (both of which 

off er free video archives of past events).  

   We do not have the luxury of choosing to work on problems that have clean solutions, 
or the time to spend years refining answers—in this field, a dissertation is a great 
example of what not to do. 



PS •  July 2016   533 

........................................................................................................................................................................................................................................................................................................

........................................................................................................................................................................................................................................................................................................

     •      The field of machine learning should be high on any 

future data scientist’s list, as this approach to modeling 

and analysis is quickly overtaking the more traditional 

models of statistics and econometrics in popularity. 

Books like  Machine Learning  by Peter Flach and  Python 

Machine Learning  by Sebastian Raschka provide intro-

ductions to the field that should be very accessible to 

anyone with a semester or two of quantitative methods 

training.   

   

  More broadly, knowledge of general-purpose programming 

languages (especially Python), database principles and usage, 

and software development processes are all key to becoming a 

successful data scientist, so a few well-timed computer science 

courses could really give students a head start. 

 You should also be prepared for the many challenges you 

will face in making the transition from academia to politics. 

As mentioned above, the pragmatic approach that is inherent 

to political data science will be an inevitable culture shock, 

no matter how much you try to prepare. You will need to learn 

to work more quickly than you are comfortable with, and you 

will have to call things complete without a chance to polish 

them, and you will sometimes make mistakes because of this. 

You will also need to swallow pride on occasion. Though you 

may have “Dr.” in front of your name, when you start, there 

will be plenty of things you cannot do that your eighteen year-

old interns can. You will not last very long unless you are able 

to listen, take feedback, and ask for help when you need it. 

 As a final dose of reality, I should note that the political 

job market does bear some unfortunate similarity to the 

academic one. The number of jobs is limited, and no matter 

how great your qualifi cations, your chance of getting a good 

one often comes down to timing, connections, and outright 

luck. And if you do manage to find such a position, the long 

hours and modest compensation will seem familiar to any 

recent grad student. Much like academia, success in this fi eld 

requires a level of drive and passion that borders on patholog-

ical, because the tangible rewards are seldom in proportion to 

the amount of work put in. 

 Or to put it another way: political data science is like any 

other job in politics. Nobody gets into this industry for the 

money or quality of life, and not many stay in it for more than 

two or three campaign cycles. But on the plus side, the broader 

data science field is booming, and the training and experi-

ence you get in politics is among the best you could hope for. 

The pace, variety, and autonomy in a political data scientist’s 

workload is far beyond that found in any other industry, and 

the people you will work with are some of the smartest you 

will ever meet. All of that ultimately makes you a much better 

all-around data scientist. So even if you do wind up working 

in the private sector after a few years, the experience is great 

preparation for whatever you choose to do next. And you do 

get a chance to change the world in the meantime—I would 

say that counts for something.    
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  N O T E S 

     1.     Credit for this defi nition goes to Josh Wills. Other proposed defi nitions 
include “a statistician who lives in San Francisco,” “a data analyst who uses 
a Mac,” and “someone who is worse at statistics than any statistician, and 
worse at software engineering than any software engineer.” I prefer Wills’ 
defi nition for obvious reasons.  

     2.     A nationwide voter list, for example, contains roughly 200 million rows and 
dozens or hundreds of variables, making it several orders of magnitude 
greater than even the largest datasets you are likely to see in grad school.    

   To be sure, I did not know everything I needed to know when I started—far from it! 
But I did have a solid base of technical skills to start from, and enough knowledge 
of both research and politics to build on going forward. 
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