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Abstract 
 

This paper is an investigation into New York’s implementation of stop-and-frisk. 
Salient critiques of the policy are racially-motivated searches and low effectiveness in 
finding contraband, all reasons to critics use to call for the halt of the practice. 
Proponents of the policy point to the value of “order maintenance” and deny any 
racial or ethnic inequalities in its implementation. We will address some current 
critiques by looking into how New York’s stop and frisk policy has changed over time 
due to a changing social and political climate as well as whether or not stops change 
based on specific events. We will do so through an analysis of the stops in New York 
from 2003 to 2015, analyzing race and gender distribution, as well as the fruitfulness 
of frisks across this time period. 
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Introduction 

        Stop-and-frisk is a very controversial policy in this day and age; it is the result of 

policies and practices that involve stopping, questioning, and sometimes searching for 

weapons and contraband. The implementation of stop-and-frisk within New York has 

changed a lot over time. Although the practice was initially implemented to address 

crime suspicion and protect officers, this is far different from the practice’s current 

contemporary form. In this paper, we provide an analysis of the total stops from 2003 to 

2015 within New York looking into general trends over time and the impact of specific 

events. In our results, we see that the claims of inequality with regards to race within 

stops are supported by our figures, and there is a lack of effectiveness when large 

volumes of stops and frisks are implemented. We also found that events have very little 

impact on policy implementation with regards to stop-and-frisk and large changes are 

more likely attributable to changes within culture and judiciary decisions. 

The paper will contain the following sections. First, we will outline the history of 

stop-and-frisk, as well as the current state of the policy and debates surrounding it. We 

will then discuss where we obtained our data, the methods of analyses we chose to 

use, and their effectiveness. Next, we will look at the analyses we conducted and draw 

conclusions from their results in order to answer our research questions and address 

various talking points that have been used to debate stop-and-frisk policy. 
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A Brief History of Stop-and-Frisk in New York 

In 1968, ​Terry v. Ohio ​ established what came to be known as a ​Terry ​ stop, 

meant to be a stop of anyone suspected of having committed a crime, in the process of 

committing a crime, or about to commit a crime (Torres, 2015, pp. 931). The Terry 

decision also stated that frisks would be allowed as a means of protecting officer safety 

(2015, pp. 932).  

 It seems that New York City police departments have moved away from the spirit 

of the ​Terry v. Ohio ​ decision’s purpose and towards the use of stop-and-frisk to show a 

strong police presence and maintain order within society. Multiple factors have led up to 

this perspective on crime prevention: increased support of crime control measures in 

the judicial system, the war on drugs, and the adoption of “broken windows” policing 

(2015, pp. 932). James Wilson and George Kelling are the originators of the “broken 

windows” theory introduced in 1982, with the policy popularized in the late 1990s. 

“Broken windows” is the idea that visible signs of crime encourages further crime, and 

that targeting and eradicating lower level crimes will promote an environment order that 

in turn prevents larger, more serious crimes. They wrote the book (not quite a book, but 

article) on the matter, entitled “The Police and Neighborhood Safety: Broken Windows”. 

In this article, published by Atlantic Monthly, they cite the shift towards resource 

efficiency and crime solving as the reason the link between order-maintenance and 

crime prevention has been ignored (1982). 

 Kelling and Wilson’s work inspired policy implementations of “broken windows” 

policing that political figures like Mayors Guiliani and Bloomberg and Police 

Commissioner Bill Bratton staunchly support. However, Kelling and Wilson 
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acknowledge that the Police Foundation, found no link between increased foot patrols 

and reduced crime in a study done just years prior (1982). Instead of focusing on factual 

evidence and statistics, the burden of proof of the theory is placed on anecdotes from a 

Newark police officer that describes classifying “regulars” and “strangers” his community 

to target criminals, an unashamed endorsement of profiling. Kelling and Wilson concede 

that “some of the things he did probably would not withstand a legal challenge” (1982). 

The emphasis on unsubstantiated and subjective parameters, such as police intuition, 

to promote order has been called to attention in recent years as ineffective and 

dangerous. Nonetheless, Wilson and Kelling’s work was accepted at the time as having 

“ample evidence of the strength of their model”, and was even believed to bring more 

public support and increased efficiency to police departments (Corbett & Harris, 1997, 

pp. 68). 

         Also pertinent is the historical judicial tendency towards crime prevention 

that informed the development of modern stop-and-frisk . Jose Torres speaks more 

about this in his article “Race/Ethnicity and Stop-and-Frisk: Past, Present, Future”. The 

most salient effect of this trend is that “maintaining order” through 1960s court decisions 

meant perpetuating systems of de facto segregation (2015). In essence, historical court 

cases informed by segregation and unsubstantiated police theories espoused by 

politicians contributed to today’s ineffective stop-and-frisk policy. 
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Contemporary Stop-and-Frisk 

 Within the past decade, the constitutional basis of stop-and-frisk has increasingly 

been called into question. At its most basic level, the stop-and-frisk policy is constantly 

challenging the bounds set forth by the 4th Amendment, protecting against 

unreasonable searches and seizures without probable cause. The conversation 

regarding stop-and-frisk’s legality was amplified after court cases were brought against 

the NYPD and the city itself, including ​Daniels v. City of New York​ in 2003. The case 

claimed racial bias in stop-and-frisk patterns, ultimately mandating that policies 

employed by the NYPD be remediated and monitored (Torres, 2015, pp. 933). Cases 

like this shifted the legal focus from 4th Amendment violations to the increasingly clear 

infringement of citizenship rights and equal protection of the law laid out in the 14th 

Amendment.  

 In response to constitutionality challenges, political figures in support of the 

stop-and-frisk policy, chiefly Mayor Bloomberg, attempted to counter the claims. 

Bloomberg believed stop-and-frisk was a necessary component in his espoused “tough 

on crime” stance to reduce the amount of contraband (guns and drugs). However, as 

Jay Newberry Highlights in his book, ​Racial Profiling and the NYPD : The Who, What, 

When, and Why of Stop and Frisk​, the large jump in frisks was not accompanied by a 

proportionate decrease in crime rate (2017, pp. 13). In fact, from 2010 to 2011 the 

number of frisks increased by nearly six fold and yet the decrease in crime was 

miniscule and could not be attributed to stop-and-frisk (2017, pp. 13). 

Anecdotally, citizens also noticed disproportionate targeting of non-white 

neighborhoods. One example is Brownsville, Brooklyn, where 52,000 stops were made 
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over the course of just 4 years in a one block radius (Baker, Rivera, & Roberts, 2010). 

This is the equivalent of one stop per resident each year. Police entered data describing 

individuals who were stopped into a database for tracking, regardless of whether or not 

the person stopped was suspected of committing a crime or not. Police even stopped 

and entered children into the database for riding their bikes on the sidewalk, arguing 

these records have the potential to solve future crimes (2010). Articles highlighting 

cases like this fueled controversy surrounding the policy.  

Legal tension surrounding stop-and-frisk culminated in a final trial challenging the 

constitutionality of New York’s implementation of their stop-and-frisk policy: ​Floyd v. City 

of New York​. On August 12, 2013, Federal Judge Shira A. Scheindlin ruled that 

stop-and-frisk was being implemented unconstitutionally, stating that the NYPD had a 

“policy of indirect racial profiling” (Goldstein, 2013). Bloomberg publicly disagreed with 

the ruling, directing the city to appeal the decision before implementing the required 

reforms, though policies were eventually implemented. The increase in arrests that 

accompanied the decreased rate of frisks began to contradict the NYPD’s assertion of 

the effectiveness of stop-and-frisk (Newberry, 2017, pp. 14). Despite the city’s change 

in their implementation of stop-and-frisk, controversy regarding the policy is still relevant 

in New York, as well as other large cities across the country. 
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Overview of Our Data 

 To further understand New York City’s implementation of stop-and-frisk, we 

obtained data from the New York City Government’s website, found under their NYPD 

reports and analysis page. The website published data from 2003 to 2016 in CSV 

format and data from 2017 and 2018 in excel files. The database contained variables for 

race, gender, physical description, exact coordinates of stops, what contraband was 

found, X and Y coordinates of stops, and many more variables. In determining our 

research questions, we narrowed our interests to the general trends of stop-and-frisk 

were over time with regards to a changing political and social climate and whether or 

not individual events impacted the racial makeup of stop-and-frisks. 

 For general trends, we focused mostly on creating visualizations that illuminated 

the overall effects of the policy on the city. We analyzed race and gender variables to 

understand who was more likely to be stopped and frisked, as well as whether or not 

any sort of contraband was found during these frisks. The dataset provided incredibly 

specific data on the type of contraband found, from knives or drugs all the way up to 

machine guns. In our analysis, we chose to focus just on whether or not anything 

incriminating at all was found on an individual, not the severity of the contraband. We 

only used the data from 2003 to 2015, as the format of variables for 2016 through 2018 

was much different and there were higher quantities of missing data. Our final dataset 

was a culmination of these years of data with different daily totals for different variables 

we generated in order to perform our analysis. 
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Results and Analysis 

Methodology 

 To analyze our data, we used the statistical software Stata. The first step in the 

analysis was formatting the data to then be consolidated into a single data set. The 

most extensive part of reformatting was adjusting our date variable, changing the type 

to be compatible with Stata’s handling of time data. To do this, we made the dates 

strings, making sure they were all eight characters long – months prior to October were 

only seven characters long initially, missing the succeeding ‘0’ in the encoding for their 

month values. We then converted the date strings back to numbers and ran Stata’s 

process for generating dates in a readable format for graphs and regressions. We left 

this underlying date variable within our dataset, but also generated an additional 

variable with the same information in a human-readable format so that we could 

accurately interpret our results. 

 After formatting each year’s data, we appended files together to create one main 

data file with about 9 million observations. We then generated variables for each 

individual stop that we wanted to consider in our analysis. These variables operated in 

Boolean logic – holding a value of 1 if a characteristic was true and a value of 0 if it was 

false. In the end we had a stop variable for each race and gender (blackmalestop, 

blackfemalestop, whitemalestop, etc.) and a frisk variable for each race and gender, as 

well as a variable for whether or not contraband was found. We also created generic 

stop and frisk variables just indicating whether an individual was stopped (which always 

held a value of 1) or frisked regardless of characteristics. From here, we collapsed the 
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database by our date variable, summing our Boolean variables to get daily totals for the 

number of people stopped, frisked, with contraband, and stopped or frisked within each 

race and gender. 

 Using our daily totals, we could then generate variables for the percentage of 

total stopped and total frisked each race accounted for and the percentage of frisks that 

resulted in contraband found, what we will call our fruitful search variable. This final 

database allowed us to look at how data changed throughout our time period (2003 to 

2015). 

 To address our first inquiry about general trends of stop-and-frisk over time, we 

looked at monthly totals for each year, as well as yearly totals stratified by race and 

gender. This allowed us to look at the changes in volume over time without focusing on 

seasonal or weekly variations due to holidays, the day-of-week effect, and other things 

of that nature. We then looked at fruitful search rates graphed against time as well as 

total number of frisks. Finally, we looked at the percent of stops and frisks each race 

made up daily and monthly; Due to the volatility of day-to-day sums within our dataset 

and the length of the time period we are studying, it is clearer in monthly comparisons, 

as opposed to daily ones, what overall trends are. These comparisons allowed us to 

gain insights into the change of volume of stops and frisks as well as the makeup of 

stops by race and gender. 

 When looking into whether or not certain events could impact the implementation 

of stop-and-frisk, we chose three different events. All of the events were dates of black 

men being killed by white police officers, as we were most interested in the racial 

makeup of stops and felt these events would show most clearly whether or not the racial 
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composition of stops and frisks changed. We chose 3 cases to focus on -- Sean Bell, 

who was killed on November 25, 2006, Eric Garner, killed July 17, 2014, and Freddie 

Gray, killed April 19, 2015. We chose Bell and Garner’s death to gain insight into 

differences in changes pre- and post-Black Lives Matter in New York, and Freddie Gray 

to see if national events that occurred outside of New York could change the 

implementation of policy as well. To execute our regressions, we set up three different 

variables for each event: variables set to one for a week after the event, set to one for 

two months after the event, and set to one for a year after the event. We then ran 

regressions for these taking into account both day-of-week and month-of-year variables 

we created, to minimize the effects of the volatility of the data on our regressions. 

 When first running the regressions, we used measured changes in total numbers 

for Black and White citizens who were stopped. These variations were large, and we 

were initially unsure how to interpret this data. Further examining the results, it would be 

inaccurate to make assumptions off of total number stopped for each group and instead 

we opted to measure the change in percentage of the total stopped each race 

accounted for. This allowed us to look at the change in volume of stops, as well as the 

impact on who is being stopped. 

The data obtained also included XY coordinates of each stop, a valuable metric 

that we used to create a series of maps of one month before and after the shootings of 

Sean Bell, Eric Garner, and Freddie Gray. In order to do this, we used Stata to create 6 

different CSV files containing stops one before and after each police shooting. Each 

CSV was imported into QGIS, an open source program for creating GIS visualizations. 

We decided that we wanted to visually show the changes in where police were stopping 
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people in the immediate aftermath of these events, best exemplified by a heat map of 

each stop. To do this, each CSV file was uploaded to QGIS and converted the format of 

the Projection Coordinate Reference system, provided in State Plane Coordinates - 

New York Long Island to the standard WGS 84 in order to alter the projections to a 

format more widely used. Next, using the GIS packages, we extended the radius of 

each stop to 1500 feet to allow the points to overlap, creating a heatmap effect. Each 

map is colored in “Continuous Mode”, separating the overlapped radiuses into 52 

separate color classes. Since the scale is separated into 52 classes, it became difficult 

to publish a color ramp on this map. 
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General Trends Over Time 

 To look at general trends over time, the first thing we did was graph yearly totals 

of stops, using the strata of race and gender to get a better sense of the makeup of who 

is stopped. This data is found in Figures 1, 2, and 3. 

  
Figure 1 ​. Total Yearly Stops of Males. This figure illustrates the differences in total 

Males stopped based on race. 
 

This graph is separated by race and compounded by total frisks per year. Race 

encoding is as follows: other includes entries coded as American Indian/Alaskan, 

Unknown, and Other. Hispanic entries are encoded in the original database as 

black-hispanic and white-hispanic.  Variables for Black, White, and Asian were all 

originally specified not altered for the sake of this analysis. 
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This graph shows a consistently higher number of black male citizens being 

searched as opposed to any other race that is categorized. The higher amount of 

searches of black males also means the higher rate of searches, considering that Black 

males make up 13% of New York City’s population. In keeping with the expected trend 

of racially motivated searches, Hispanics and Whites have the next highest amounts of 

searches. Particularly interesting is the crossing Asian and Other lines, consistent with 

the expectation that Asians are perceived as the lowest threat level. 

 
Figure 2 ​. Total Yearly Stops of Females. This figure illustrates the differences in total 

females stopped based on race. 
 

Similar to the graph of males, this graph also shows a consistently higher amount 

of black females being searched as opposed to any other race. In keeping with the 

expected trend of racially motivated searches, Hispanics and Whites again have the 

next highest amounts of searches. Particularly interesting is that the crossing Asian and 

Other lines, occur in relatively the same place as the male graph. Important to note here 

14 



is that the general trends in this graph closely mirror the male graph, at a drastically 

different scale (hundreds of thousands versus thousands). 

 

 

Figure 3 ​. Total Yearly Stops by Gender. This figure illustrates the differences in total 
individuals stopped based on gender. 

This figure shows the drastic difference in the volumes of men versus women 

that are searched. As noted above, the differences in the scales (hundreds of 

thousands versus thousands) of searches by gender show the significantly higher stops 

of males, who are perhaps more likely to be considered suspicious. It is also important 

to illuminate that though they make up equal shares of the population, men are at least 

100 times more likely to be searched than a woman, not accounting for differences in 

race. 
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SECTION 2 PERCENTAGE 
 

 

Figure 4 ​. Percent of Monthly Frisks for Each Race. This figure illustrates the percentage 
of overall frisks that each race accounts for monthly. 

 

This is a graph compounded by every month in the dataset, and shows the 

percent of stops that became frisks for each race. The general trend shows Black 

citizens are frisked at a higher rate than their Hispanic, White, and Asian counterparts. 

This difference gives weight to the conjecture that racial profiling is at play in both stops 

and stops that turn to frisks. 
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Figure 5 ​. Percent of Daily Stops for Each Race. This figure illustrates the percentage of 
overall stops that each race accounts for daily. 

 
This graph measures the same data as Figure 4, but with stops summed daily. 

This also shows the consistently higher rate of black frisks, but the width of each line 

increases into 2014. This graph is illuminating as it shows the volatility of daily searches 

increasing: with increased variability there is more overlap in percentage even when 

general monthly trend appears to be the same, perhaps an indication of change towards 

less prejudice.  

 

 

 

 

 

17 



SECTION 3 FRUITFULNESS 

 

Figure 6 ​. Total Stops, Frisks and Fruitful Searches. This figure illustrates the total 
number of stops and frisks compared to the total number of individuals found with 

contraband on their person. 
 

This graph depicts the total stops, frisks, and fruitful searches summed yearly. 

Clearly the number of frisks per year closely follows the total stops each year, following 

similar upward and downward trends. However, the amount of contraband, on this 

relative scale, is a fairly flat line that doesn’t visually vary, regardless of amounts of 

stops. This allows us to conjecture, at least descriptively, that the amounts of stops 

doesn’t increase the rate of getting guns and drugs off the street. 
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Figure 7 ​. Fruitful Search Rate. This figure illustrates the percentage of individuals 
frisked yearly who are found with contraband on their person. 

 

This figure further examines the relationship between stops, frisks, and 

contraband found. In ways, this graph follows an opposite direction to the trends of total 

stops, experiencing a downward turn in fruitful searches each time total stops are 

increased between year to year. This is most visually represented after 2011, when the 

number of total stops begins decreasing and the rate of fruitful searches shoots up. 

Though, it is also important to note that the most effective frisks have ever been is 14%, 

not quite a rousing endorsement of the policy. 
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Figure 8 ​. Daily Fruitful Search Rate vs Total Frisks.  

 
This figure illustrates the relationship between the number of frisks in a day and the 

percentage of those frisks that yield contraband.​ This graph is particularly interesting, as 

it exemplifies the result that fewer frisks per day are able to yield a much higher percent 

of contraband found. This result also demonstrates heteroscedasticity, the concept that 

variability of a variable is unequal across the range of values of a second variable that 

predicts it. For example, for a day with a low number of frisks, the rate of fruitful 

searches could range from 0% to 47%. Whereas if as the number of frisks increase to 

say 1500, the rate of fruitful searches only ranges from 4% to 8%. This means that a 

higher number of frisks per day almost always has a low fruitful search rate while lower 

number of frisks per day could have both high and low fruitful search rates, providing 

support to the idea that increased quantity of searches does not increase the likelihood 

of finding contraband. 
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Figure 9. Stops 1 month before Sean Bell’s   Figure 10. Stops 1 month after Sean Bell’s 
death .       death. 
 

These heatmaps created in QGIS show an interesting pattern in the geography of stops 

in New York. Figure 9 shows a wide spread of searches within the city, with one mild 

hotspot in midtown Manhattan, some hotspots in the Bronx, and one major hotspot in 

Brownsville, Brooklyn. Brownsville is a neighborhood in Brooklyn with a 76.7% black 

population. Sean Bell was killed in Jamaica, Queens, a highly diverse neighborhood. 

There is a slight hotspot in Queens in Figure 9. Figure 10 shows the brilliance of the 

hotspots diminishing and virtually disappearing, creating a more uniform spread of 

searches across the city. The hotspot in Brownsville remains, but is less drastically 

targeted as Figure 9, perhaps due to media articles published regarding the 

disproportionate amount of searches in Brownsville. 
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Figure 11. Stops 1 month before Eric      Figure 12. Stops 1 month after Eric 
Garner’s death.     Garner’s death. 
 
Figure 11 shows more targeted searches across certain boroughs, namely Brooklyn 

and Staten Island. There are most notably 4-5 hotspots in close proximity on upper 

Staten Island, where Eric Garner was killed. Figure 12 shows a clear decrease in the 

number of hotspots, especially in Staten Island, which visually shows a shift in police 

presence allocation. In addition, the bright hotspot in Brooklyn is a public housing 

project in Bedford-Stuyvesant called Sumner Houses. Bedford-Stuyvesant is currently 

49% black, much higher than the New York City average of 26%, providing support for 

the racially applied implementation. However, its rate of violent crimes per capita is 

greater than that of the city as a whole and some police presence in the neighborhood 

has shown to be effective, perhaps explaining the higher rate of stops (Bautista 2017).  
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Figure 13. Stops 1 month before Freddie      Figure 14. Stops 1 month after Freddie 
Gray’s death.       Gray’s death. 
 
Figure 13 shows hotspots mainly in the Bronx, western Staten Island, and some in 

Queens. Figure 14 shows less bright but similar hotspots as Figure 13, showing little 

change in geographic police presence priorities the months before and after Freddie 

Gray’s death. This goes to show that national events, such as Gray’s Baltimore killing, 

do not impact the geographic distribution of stops and does not actively inform NYPD 

policing priorities. 
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Impact of Individual Events on Stop and Frisks 

 In looking at individual events, we picked the deaths of three black men at the 

hands of white police officers to analyze. We hypothesized that these events would 

cause racial tension in communities, and thus would make an impact on the racial 

makeup of stops and frisks easiest to detect. We chose Sean Bell and Eric Garner’s 

death to see if the Black Lives Matter movement would impact the way police 

responded to protests in terms of stop and frisk. Sean Bell was killed in 2006, prior to 

the Black Lives Matter movement and Eric Garner’s death occurred one year after Black 

Lives Matter’s founding, 2014. To measure the impact of events outside of New York on 

the policy, we chose to analyze Freddie Gray, who was killed in 2015 in Baltimore, as 

well. 

 In order to measure the effects of these events, we created three different 

variables for each death: one that had a value of one for a week after the event (named 

using first initial + last initial of the victim + “15”), one for two weeks (first initial + last 

initial + “30”), and one for a year (first initial + last initial + “year”). We then ran 

regressions for each of our dependent variables using these generated intervention 

variables, accounting for day of the week and month of the year to control for the 

volatility in our data. At first, we ran the regressions against the total number of people 

stopped, black people stopped, white people stopped, and fruitful searches to see if this 

changed the values. We realized that in terms of totals, the change in the entirety of 

people stopped was the only meaningful regression, seeing as the gap in the number of 

black vs white people stopped was already so large it was hard to make sense of the 

varying changes in number of people stopped. To address this challenge, we ran the 
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regressions against the percentage of total stops made up of black and white people 

and the percentage of frisks that were fruitful. This allowed us to observe change in 

volume using our regression of total stops, and change in the effectiveness and actual 

makeup of stops using our percentage regressions. 

We checked the regressions for a range of outcomes that could indicate various 

things. One hypothesis is that events and their subsequent protests could cause racial 

tension that resulted in angered police acting on impulse. If this were the case, we 

would expect to see a decrease in the percentage of frisks that were fruitful–indicating 

frisks based less on suspicion and more on personal sentiments–an increase in the 

percentage of total stops that black people account for, and possibly a decrease in the 

percentage that white people account for. These changes would indicate that police 

respond by lashing out against communities that challenge their authority. A different 

hypothesis is that the events led to efforts to minimize political repercussions, meaning 

we would expect to see a decrease in fruitful searches again, but a decrease in the 

percentage of total stops that black people account for. This decrease would indicate 

efforts to avoid further political scrutiny with regards to police policy. If we saw 

inconsistent changes across the three events that were substantive–meaning some 

events lead to changes in either direction and others did not–that would indicate that 

social and political contexts are important in determining whether or not an event will 

impact New York’s policing in one of the two ways above and how it will do so. 

Furthermore, if both Sean Bell and Eric Garner’s deaths led to substantively significant 

changes in percentages and volume, but Freddie Gray’s did not, we can assume that 
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only events within New York will impact the stop-and-frisk policy.  Lastly, if the events 

do not impact policy at all, then we would expect changes to be inconsequential.  
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Figures 15-18 (left to right, top to bottom). ​Regressions for Sean Bell. 
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The pattern that these regressions show is exhibited in the regressions ran for 

Eric Garner and Freddie Gray’s death as well, which can be found in the appendix. Due 

to the size of our dataset, almost all of the variables are statistically significant. When 

looking at the volume of stops, the change in stops is not statistically significant for our 

variables marking Sean Bell’s death, except for until a year after. However, when 

considering the context of New York in 2006, the increase in the following year of stops 

was likely due to Bloomberg’s advocation of the stop-and-frisk policy and the political 

pressure he placed on police to work towards “broken windows” policing. 

When looking at our percentage regressions, yet again most values of the 

intervention variables we generated were not statistically significant. While some results 

may be statistically significant, they are not substantive, showing only one to two 

percent changes in black and white makeup of stops. When considering the volatility of 

our data, it is highly likely that these results simply indicate natural changes in 

stop-and-frisks. Therefore, we have concluded that there may be a small change in 

volume of stops after events, but there is no substantive change in the makeup of 

stop-and-frisks, indicating that these events did not impact who is stopped and frisked. 
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Discussion 

The Constitutionality of Stop-and-Frisk Implementation in New York 

In interpreting our results, we find that the 2013 court decision regarding New 

York’s stop-and-frisk policy is substantiated and justified. As discussed in the Results 

and Analysis section, our findings show continual disproportionate stopping of Black 

and Hispanic populations across the entire time frame analyzed, though Asians almost 

never stopped. ​This is unsurprisingly consistent with the literature and court cases that 

assert a racial implementation of the stop-and-frisk policy. Across both genders, Blacks 

are stopped disproportionately higher as compared to other races. The gender effect is 

incredibly pronounced, with males being stopped much more than females, is shown in 

Figure 3. This could imply the role of unconscious bias in police officers making stops or 

could imply specific targeting of black and brown populations. Our results provide 

support for the idea that threshold for suspicion, how much it takes to consider a person 

a threat, is much lower for Black males than for under-targeted Asian females. This 

means that the implementation of stop-and-frisk perhaps does not guarantee equal 

protection against the law, if the practice unequally affects citizens. ​This racial disparity 

is also present in the percent of stops that become frisks as well. What is interesting is 

the increasing daily volatility of frisks after the 2013 court decision that found the 

NYPD’s implementation unconstitutional. The increased volatility trends towards a less 

explicit racial bias in the practice of stop-and-frisk. This trend goes to further support 

Judge Sheindlin’s ruling that stop-and-frisk is not unconstitutional itself but that the 
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NYPD’s implementation is. It shows that there may be a way for stop-and-frisk to exist 

without overt racial bias. 

The effectiveness of the implementation of stop-and-frisk is hotly debated by 

politicians, police chiefs, and the public alike. If the implementation itself were effective, 

this means that the more searches conducted, more contraband would be found. 

Instead, we see an inverse relationship between the number of frisks and any 

contraband found, suggesting not only the unconstitutionality of the practice, but the 

incredible infectivity of it as well. It is important to note that as the number of frisks 

decreased after 2013, the percent of fruitful searches is on the rise, further 

corroborating the fundamental implementation idea that, simply, less is more. This 

dismantles the NYPD narrative that more stops lead to less crime and provides support 

for the opposite. 

It is important to revisit the influences of the stop-and-frisk policy, namely the 

“broken windows” theory. Although we did not analyze reduction in crime specifically, 

we can attempt to extrapolate rates of crime reduction from the fruitful frisk rate. The 

practice is quite ineffective at high rates of frisks, dealing a blow to the idea that 

“maintaining an environment of order” with increasing police frisks does not yield less 

crime. 

Generally speaking, stop-and-frisk in New York has been embittered with 

constitutionality and effectiveness issues. We have shown support for the critiques of 

the stop-and-frisk practice, but also interestingly show a trend towards achieving a more 

equitable implementation of the practice. There’s growth being made, but is clear that 

there is a lot of work to be done.   

30 



What Impacts New York’s Implementation of Police Policy? 

The lack of substantive change in the makeup of stops and frisks points to the 

idea that the deaths of the three men we looked at, regardless of political context or 

qualifying circumstances, did not impact the implementation of New York’s 

stop-and-frisk policy. Due to the changes over time observed, it is more likely that social 

and political contexts impact the implementation of stop-and-frisk, such as the 2013 

court decision that the policy of stop-and-frisk in New York City was unconstitutional. 

Individual events may work towards changing the greater socio-political climate that 

impacts police policy, but we can assume that individual events do not impact policy 

alone, unless indirectly, by leading to changes in the judicial system, which changes the 

implementation of policy in turn. 

Our results are consistent with the claims acknowledged in the introduction, 

made by Jay Newberry: that police stop and frisks have both decreased, and 

effectiveness is increased. The increased effectiveness Newberry addresses is 

supported by evidence regarding increased arrests (2017, pp. 14). In our results, we 

see this effectiveness manifests as an increase in fruitful search rates, indicating that 

frisks are being conducted more often with reasonable suspicion. However, we also 

found a consistent proportion of stops as well as frisks for each race, pointing to a 

continuation of racial bias, whether conscious or unconscious, within implementation of 

stop and frisk policy. Though the daily percentages show more varying percentages, 

there is still a large difference between races on average. The increased variation 

shows that the changes in policy due to the 2013 court decision may have improved the 
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racial inequality of stop-and-frisk to an extent, but it has not caused the elimination of 

inequality within stop-and-frisks in New York. 

Based on the continued racial inequality, and lack of impact of the three events 

we chose, we can conclude that only larger structural and societal changes will impact 

policy with regard to stop-and-frisk. The increase in variation of racial percentages after 

the 2013 court decision points to the impact of the judicial system, but the relatively 

stagnant monthly percentages shows that the impact has yet to change the overall trend 

of racial disparities. Thought the volume of stops and frisks has changed dramatically in 

response to public outrage and judicial condemnation, it will take much longer to change 

the implicit and explicit racial biases embedded within our systems of justice. 
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Tables and Figures 

 
Figure 19 ​. Monthly Stop Totals for 2006. This figure illustrates the general trend of stops 

in the year of Sean Bell’s death (denoted by the red line). 
 

 
Figure 20 ​. Monthly Stop Totals for 2014. This figure illustrates the general trend of stops 

in the year of Eric Garner’s death (denoted by the red line). 
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Figure 21 ​. Monthly Stop Totals for 2015. This figure illustrates the general trend of stops 

in the year of Freddie Gray’s death (denoted by the red line). 
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Figures 22-25 (left to right, top to bottom). ​Regressions for Eric Garner.  
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Figures 26-29 (left to right, top to bottom). ​Regressions for Freddie Gray. 
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